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AT EEETFEM REZERMIEH
£ 18y KRiE

1 EH

ASCPESE TN TR BE BRI A BT R SR R A e A R 5L
ASCFE TN TR BEEE Y AR

2 I AXH
A SO B G| RSO
3 ARIEFMEN

3.1 EREARAE

3.1.1
NI ERE artificial intelligence; Al
FHH 5 R G Chn e B AE )M OC Y 25 Fh I RE Y ThHE SR OT AV RE T
(i GB/T 5271.28—2001.28.01.02]
3.1.2
AILEBHESSEM artificial intelligence medical device; AIMD
e T AT A S 2 HC 00509 FH 3 0% B 7 s
i Vs I LA AT B IR | R0 e B A S H B T R A o S
FE 2. WA A AT L AT R oL T R 0 AT R A
3.1.3
EfFS#AYHE  medical device software
E 52 18 B 1E 75 T % 0 B 97 e B b 9 O 2 9 Bk R 40 B0 LI 49 O B= o A WA P A R B 450 .
T o B B P I AL R S R O LR R S A E B e al £ A B 2 R I BT A L ah
SRR A ST B R T R R T A S E W T T EAR TN
it
[, YY/T 0664—2020.3.11]
3.1.4
W i05] pattern recognition
i 7 1) F B 0 o BE — f e B i e AT X LB B R D Y B
[ .GB/T 5271.28—2001,28,01.13]
3.1.5
ANIHEZME artificial neural network; ANN
PR A B B RC{E T e 3 R ) B A A BB e FEAY IR 5% Ll o U A 2 v eR RO RT3 B A (8 |l
1
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AFIC R —AE R B A 0 A5 Al P T S s il .
= FRITIEC SR ERITE
(KB :GB/T 5271.34—2006,34.01.06]
3.1.6
## inference
ME TIHG $E T S e R A
PV A A TR AR R S e,
T2 AT R R A
(i, GB/T 5271.28—2001,28.03.01,4 #&8k ]
3.1.7
$F{E  feature
il i A 30 ST 1Y) 0 8 5 ) A 1 B R A
P b BB AR L A A O AR (] AR MR R ] A
3.1.8
PLEE% >  machine learning
T it 50 o 3 A 3 ROHT 0 BB . ol A B O A R el R ke ik P e A L R
= PRI EC SN S
(i, GB/T 5271.31—2006.31.01.02. 45 #% ik ]
3.1.9
B3] deep learning
L 25 5 AT 20 B2 0 0 IR 98 o0 00T i A S ) R B DG R WL AR 2 A ik
3.1.10
KEEFZ3  supervised learning
— i A NS AR AT A I O i S e R 1 A L 6 B 5 LA G 6 A ) S
b= PRI EC S AT e
(i . GB/T 5271.31—2006,31.03.08 , 4 &0 |
311
M EE3  unsupervised learning
— Rl 2] WG AE TSI 4 BT A (A B 55 AR LA B o B A B 42 B — o Y 25 I L T C R TE
ARAT R 8 2 e 1 A0 R A R0 L L BT i
e — B R R R R BT LU TR R A T,
2. TR R,
(AW :GB/T 5271.31—2006,31.03.00. 45 ## 2]
3112
B2 3] reinforcement learning
— 2 2] SRS e R T PR R S B 3l 4 e G 0 A B b R S AR B eh AR 09 R R (E
R,
3.1.13
FUEEZ  semi-supervised learning
— 2 2] HEmE e 01T AR A Y BLAT bR O£ R SRR A R R IR AT ARG AR A T A 2T AU HE SR

@
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3.1.14

BHE¥3  self-supervised learning

R ) SR 3 ik A AR B U R A S Y R i R R N RO A B B R AT R AT
A T 2 ) 6 HE FR AR AR S 3 RS T R IR H AR AT S 92 A
3.1.15

BUYESS weakly supervised learning

—Fl g 2] G A AT R R AN S SRS 0 AR B IR LER ST

b R R B OR TTREEE v 1 N TR o
3.1.16

%3] ensemble learning

il 2o 55 5 0 2T AR ok S D[R] R Y — R LR o T

i LR TR SR R T — A Rl ) B MO A e R e B AT B I R S LR o R T SR AT A
3.1.17

FhE ] active learning

o) b B b o o) AR PR AChR ICRE AR IR R AN B bR iC £ B H ERR R (B L R fE b 0 A i) o
AR IF i 2 2] P fig
3.1.18

FE#F3]  transfer learning

PRI —A~4 A sl A AT G 20 LS T CAD 9 FIEL, Bl 27 2 S gk B 1 FH 2G5 =) [T T (B 2% 2
Hikmrene.
3.1.19

BA#% 5]  federated learning

— il B 27 AR T B ) A R Y BIL AR T HE S A i R U ) S TR S R R A R AR b
AR Ak P 8 ) A 0 B R AR L R[] A e ) B RS L R R S R R R L P
3.1.20

ll& training

FET UL 5 2 505 R N 25 454 o 8 S ol o ik 411 88 22 ) HE R S By e
3.1.21

ZF X IEE  cross validation

—FhF A 0 B S R ) S R S8 U SR R I S LR R fh g .

W LA B A K S ek
3.1.22

THIE  overfitting

2T A A U b AR o B 2 ST BN R AR o s B O B U ST & N A R LR T
12 Al 5 A 3 A A b 4 L A O R R
3.1.23

& E  underfitting

o) F AL IR AR 2 AN FE A O SR AR o B i E R S A Bl ) AR ARG BRI Tz Ak
fE s o A0 e IR 5 10 P GE AT LA 4k 22 45 5 L D 052 L P AR 1R mh A5 LIS 5 .
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3.1.24
BI{RM 4% feedforward network
TE £ 56 2 Y 25 ACTORN 28 o0 2 8] BE 50 A7 B 15 i At B0 AT 1 1] i A8 i 22 J2 ) &%
FE W AT A A A S AR B
(3 .GB/T 5271,31—2006,34,02.25 . f7 fE 2 ]
3.1.25
R e EEMLE  back-propagation network
—Fh 2 M B B £ . LR 2 2 00 (] A i R
b R AL E S Sof PR i v LU E
(ki .GB/T 5271.34—2006,34.02.30, 4 {23 ]
3.1.26
RIS fE#E feedforward propagation
T 22 12 P 2 vy M A T2 ] 1) O &4 i i o O V2 3 7T % T B B A 45 4%
e AR A A
[Heii.GB/T 5271.34—2006,34.03.16 . A M4 ]
3.1.27
FEi®fe#E feedback propagation
1E 22 J2 £ v o DR 33 00 % A 1 )2 W 1) [0 245 1) i A 000 245 4
WAl R R R
[FiE . GB/T 5271.34—2006.,34.03.17 . F &3]
3.1.28
EFHMINE medical knowledgebase
1 B ARORHRAE R B2 55 G S P G b R B R 12 T TR RIS S il LR G shaB Y I RS
SRR R S Wl lm R Rk a2y i B 2% T
3.1.29
BiEARE  algorithm service
WHEEET PR T A0 /E PR IR 55 .
B WORR IR S 4T P Y FE R i A B A T A B O 80 4k PR S L
3.1.30
=M% cloud service
i i E O B a R A LR —Rh e R AR .
[FiE . GB/T 32400—2015.3.2.8
3.1.31
HEZIRE  edge cloud service
il i = RO AR O IR TR A e W AR A — FhE Z R GE ) .
3.1.32
A RS  local service
T 8 A 2R o A b T B b R —FhE B R RE T .
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3.1.33
AT EEEEFEMEFELHME AIMD lifecycle model
TR RE BT R A M G I 45 S e AR HE R,
B SRR TSI R S S A T S A W R s
FE 2 fE TR R B 8l A R b SR S T B R R L B R T A R AL, Fhn. TR R
P [ PO R AR W AL P R A

3.2 HEEARE

3.2.1
HE data
{5 80 0] BF R R AR Ak 25 L LS H) Tl {5 L Fe b 3
AT LA i A Tuk ) ah T B PR
(ki . GB/T 5271.1—2000,01-01-02]
3.2.2
M ANEREIE  personal sensitive data
— B R Ak AR I 0 T B A A B I 7 A W S PO N R B (e T SR B e
PP Fr M S A AR
T AR LS B O AR R A AR B R R AT G IS s R L S R VIR S S TR
i AETEATE REERGR  EEME BT JLEN T AGRS.
[ . GB/T 35273—2020.3.2. 4 8%
3.2.3
@EEEIE  health data
L5 Gy el o B felt B RR O 1 1~ A BELER B
b= G Rl BT 2 el e N 0] A e e o L (O o T I e - R R A Rl RN
B R O R T A S T i B AR T B I S R R e R BB L CPHID ™ 3 A (W] IRl i
38 T 31— A A L8 o [ 2 ) e L L
(i . IEC/ TR 80001-2-2,2012,3.7. 45 & i |
3.2.4
S ##F  missing data
$iz HERF 9T Ty 52 B SR A A A 0 0 3] £ B .
3.25
#{EIr data element
FH— 41 o P B s H e S bl 28 om F AR A B o .
(3R . WS/T 305—2009,3.1.6.. 4 & 8]
3.2.6
JTLEHE  metadata
s SR i H i BI0ARE i) R .
(i . GB/T 18391,1—2009,3,2,16 ]
3.2.7
HIERE data quality
TEAG 52 F 1 0 {0 BB L 8O 09 R PR 2L A B0 A0 L e S A ER AR R
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(i .GB/T 25000.12—2017 .43, 45 &l ]
3.2.8
@k data set
BoA — i 80, 0] LR IF o] LA T S AL Ak B e B S S .
[P WS/T 305-—2009,3.1.2]
3.2.9
il training set
FHF & A T8 B 0 o i A AR R R BT T S S e A
3.2.10
WSk tuning set
FTAEAE AT BEF 2 Ay dcts 82 AR 30 R 8w TR 2 R i 4,
T O E Gt T i bl B P AR AT A A G A A T R S A validation set. T 2
—H .,
3.2.11
Mit & testing set
FH 3000 48N T R 4 A 0 A 2 L EC A S S I T R T B i pEA
3.2.12
HIBETFEHE  data life cycle
B T B i R R B R Y B S R R R A AR A L R
[ .GB/T 34960,5—2018,3,7]
3.2.13
HiEEHEE dataset bias
A A 2 A H bR —Fh R S 22
3.2.14
HiBR =M data quality characteristic
Xt A4 R A S e (0 AR R R A R 2 5
[k GB/T 25000,12—2017 ,4.4]
3.2.15
HIFE Y data stratification
MAS [ 40 4 BE 3 A B SR 2 o as .
Mty R,
/i THTVE
— it CEE O i),
pE TR RN B
— AR R T g .
[ .GB/T 35295—2017.2.1.51 .4 &k ]
3.2.16
L EZFRHE  reference standard
i A5 12 W AR o Bl B T b T B A Y R
b= T LR OR= £ TS TSR o R S LR LR AR S PSR T

i
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3.2.17
& Fr#E  gold standard
i A 12 Wy HE S ol B etk 2= B bR
3.2.18
GT{H ground truth;GT
FH T R L 45 3R BEAT L i 2 R
3.2.19
#iEiFE  data cleaning
A T 0 A R G v R R A O Ak B
3.2.20
HIRIEE  data governance
B T 5 R HC I P e R v R O I Bl SR AR A R S
[iE . GB/T 34960.5—2018,3.1]
3.2.21
H#EIEdE  data mining
b T Sk B L8 A WA (] A 2 B b A3 20 F S S (R NS DA AR OB Y T
[ . 1SO 16439:2014,3.13]
3.2.22
#EERE  data label
S 39— 20 $ i T B AR IARF .
[3k i ISO/TEC 2382:2015.2121626 . it |
3.2.23
HiERE data acquisition
B h Al 2 A PR o S A A L LA e AP I i B b Ryl F2 .
3.2.24
HIEAEAL  data masking
iR TR A A R A T R NG 0 R S D T S
3.2.25
E&{ anonymization
3 3 A~ S BB AR AR B A S B B R i el G, BB S iR B A e
[l .GB/T 35273—2020.3.14]
3.2.26
R84 de-identification
T T AR R A AL 8 A A B AN B A 00T L G R sl O AR B
U
b= P T TSR S i € N R R R R R A N R [ SR R I NS R A R N N
PRif,
(i . GB/T 35273—2020.3.15]
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3.2.27
¥iEERE  data annotation
b BloH i 7 4 B 8 A R AR e i A
3.2.28
¥ arbitration
A b N B[R] — T s AR O b 1 5 AN — B T PO e R
3.2.29
B image
B A e A AR D o o A A SR R T ECTE AR
B PR i L 2 A s b A v R A O R0 R R S A A e (] b (A T LR R O Bl () X S R
HOPE . IR AR L TR R R R P R
(i .GB/T 34952 2017.2.4, & ¥k ]
3.2.30
B graphics
FH 386 s — 1~ 708 AR OF T G At 25 208 A A7 000 1y 2 2% P sl Y I S U T — A B Ay
it A e b
b R e o8 R SR s NN
[ . GB/T 34952—2017,2.3]
3.2.31
LA text
VAR A5 50 R BT ) R O b R S e B B e R E LK
i Ff B LU O R A AR AN TR 8 TR N AR
B TR AN SR
I .GB/T 5271.12000,01.01.03]
3.2.32
#{H numerical value
Ak Y B 0l 0 25 HDR ook R alpiR
B AR R R RS
3.2.33
E¥  audio
— R ECF e sl A BARTE A T T RR A  SH eE  OF AT AT R N T A R
[k .GB/T 34952—2017.2.5,. F ik ]
3.2.34
IR video
— R ECA e Eh AR BRTE A T T Iz s PR T s R RS S e s B AU A BLOG R .
[k .GB/T 34952—2017.2.6]
Pl R R R,
3.2.35
EZiEE  multimedia
SR WA T AR CE AL S BALE .

§
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[ .GB/T 34952—2017.2.1]
3.3 ERESHEARE

3.3.1
WHERE  software quality
TEHLSE J % {0 S 00t o o i R V) i g B R Y RE
[ .GB/T 25000,1—2021,3,42]
3.3.2
MHERBMIE software quality assurance
a) R (LI O O A AR R L 2 % i 1R RE L i AUR AT T R A R
Heny A b fEm e,
by BT LIRS S T R ] e A — S Bh
[RBEGB/T 11457 2006.2,1294, 45 &84 ]
3.3.3
48t  performance
R U 2 R S e s TR A R
[ GB/T 11457 2006.2,1131. 47 #&84 ]
3.3.4
HREIFT  performance evaluation
SR E Az AT H R IR 3T ] R R0RE EE ] T 3R S0 B R SRR Y B AR
(i . GB/T 11457 2006.2.1132]
3.3.5
R reliability
AL 52 I ] fin] B o AR S A5 3R S R T P R T B Y
(A .GB/T 11457 —2006,2.1334
3.3.6
oy integrity
PP A o 0 S0 A A L
[ . GB/T 25000,12—2017,4,12., 4 4 ]
3.3.7
—H 1t consistency
a)  AE SCRY el R B0 ok R G AR 25 A 22 R, — B bR S R
by AR RN Y5 B B 2z ) — B bR iR AR A S R
(i, GB/T 11457—2006,2.320, 4 #& 2% ]
3.3.8
EEM repeatability
Hh Iv] — 388 A 5 401 [0 B e A TR (] )l k5% o () o P ] — )k e
HET T /0 A BT A A 000 57 0,0t 55 A () Y — OB BE
[k .GB/T 3358.22009,3.3.5. 4 #& 8 ]
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3.3.9
B reproducibility
Hh A [ 58 10 B 5 0 0 O i {0 A ) 0 g 0 5k X ] 0 e O L AR
e A 0 ) k2t SR Y R A e 0 i 5 R e ) — BORE A
(ki . GB/T 3358.2—2009,3.3.10, 45 &4 ]
3.3.10
Wikt accessibility
R R T A R T R ) e e AP Y B
(il .GB/T 11457—2006,2,20]
3.3.11
AT availability
a)  BPECER S0k ) A HE A R A eT A ol mT i ] A B E o A S LS R SR AE A HESR
by R G0 EE T AER ] FUE A iz Ty e 22
o) fEIZFTAY R — e IS B E S RE I BE S .
(ki . GB/T 11457—2006,2.115, 4 # 8]
3.3.12
&Y confidentiality
B A B AU A P e T A AT A i 0 R
(i .GB/T 20246—2017.2.12. 4 158k ]
3.3.13
P& cybersecurity
] Jof SR HO0h B It o B 90 B B S 2 A I L e A A (il L R S i i
FRE AT SE B AT AR L DA R R i R R SR s b PR L T AR AR .
[ .GB/T 22239—2019.3.1.4 &tk ]
3.3.14
Z&t  safety
U N i N
CHPE.YY/T 0316—2016.2.20]
3.3.15
11t robustness
Bt/ R
FEATTE JCRU0 A B 808 PR EE SR B T, 3 Ge ol 30 R JLTD B A9 BLRE
(R .GB/T 11457 2006,2.1397 . 4 #&04
3.3.16
Z{LBE  generalizability
PLAR 7 = 5 B A B AR RS I fiE T .
3.3.17
NE Sz B (8] response time
TE£55E B IR BREE T L 4 25 5 B P AR S 77 32 B0 01 JE 10 485 3L B 7 0 S g sk
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3.3.18
AHEHE  traceability
TG0 H P B B AT A0 S B R
3.3.19
L EE fairness
T 50 AR AN 5 B R (R e A
3.3.20
AEEY  explainability
LN HE P Ay 2, 0 SR ple PR AT R P A RE

3.4 REITEHAIE
3.4.1 EMAR

3411
HEEMIX  performance testing
VA 72 40 SR A 0 1 B R M A i AT
(kB GB/T 114572006,2.1135]
3.4.1.2
ariEgEiliE  standalone performance testing
i o A E R R A S SR T TR RS AR PR WSS R e 0 55 AL A N TR BB R 4%
B Y PEAE .
3.4.1.3
FHEEMERENIL  reader performance testing
A e A A T T A A S R T T R TR R A A & AL P N T RE BE T
T RE .
3.4.1.4
ZHEEZHEHHAZE  multi-reader multi-case study
3 A ) A G A ) Y e A S G O TR A T A L AN N R AR ey AR A R R
3.4.15
EZMiK  black-box testing
Z2 W 7 SR 0 PN T BIL R B b T e T R O AR AR e 0 ) — A
(k¥ .GB/T 11457 —2006.2.142,2.669]
3416
B&MiE glass-box testing
0] 1 A SE i SR P BB A e, R AL A A S I AR I o ) R
[ . GB/T 11457—2006.2.678.,2,1604 ]
3.4.1.7
W[ #E |  countermeasure
SRyl oD s 55 42 YT SR T A AT 2l 8 B L R B R el S
(k¥ .GB/T 25069—2010,2,1.4]
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3.4.1.8
It A  adversarial sample
BT 5L b Bl s it sh ik BTE W F SR HAY 0 A
3.4.19
FHME  adversarial test
ol P 0 1 A A T e A 0 i, R T AS 1] D o A A %) 4 B B £ Oy T RIS A AT Y 0 it

3.4.2 FMiEHR

3.4.2.1

PHMEREA  positive sample

i 25 b e G2 R AT B B ol LR R SE RRIE O BE A
3.4.2.2

PFAMEH A  negative sample

o PP FE AR LU AR B RE AR
3.4.23

EMY  true positive: TP

B 3 0 A P A B P A
3424

PATE  ralse positive; FP

200 PP A B R AR
3.4.25

EHPAt true negative; TN

Bl TR R B PR FE AR
3.4.2.6

EFA ralse negative; FN

BTV R R B PR B BH PR EE A .
3.4.2.7

B#rEH target region

H 4l 2 25 f i M S ER B P R o B s T S R E N B R i DU TR T RTE MR E.
=),
3.4.2.8

SEIEE segmentation region

WA B b ] gy A 3 R E R ) H A Y DR TR (TR E MR E R,
3.4.29

FBAERL  lesion localization

T R A I O BB R B o A T B
3.4.2.10

EFMEES  non-lesion localization

3 G M I (B AR OF s 1AL o S b o R S A T BT AR L



3.4.2.1

REENLZE lesion localization rate

99 78 S o7 IR (7 PR 25 R M O Y < AR R I Y B
3.4.2.12

EFTE(AE  non-lesion localization rate

A5 A 5 o B hE o 4 R (R B A e AR AR E R R AT LR T L.
3.4.2.13

RFEt 3 false positive rate

fIE WA g 000 8 a5 BT o 000 e 55 A oo 228 S 0 ) o5 9 B o £ A A A3
3.4.2.14

REE sensitivity

BEE(ELEE) reall

ELPHPERE A 5 (R PR R AR 09 Lo i),
3.4.2.15

¥HRE specificity

LB PR REAR o A (R PP RE A Y Lo .

3.4.2,16
WHZE  miss rate
|, 2 R .
3.4.2.17

EE(EMREZE) precision

PHEFIMIE  positive prediction value

PR RE A o o 5 ) O B RE A i Ee ]
3.4.2.18

PAMEFIME negative prediction value

BB P R AR oy 5 ) Oy BH M R AR Y L )
3.4.2.19

HEME  accuracy

T ) I O AR A S A R A )
3.4.2.20

F, & F,-measure

4[] 5 FURT W0 L 0 1 0o X ¥,
3.4.2.21

Y BIEE Youden index

REE SR EZ W 1.,
3.4.2.22

Tk EIRIE4SIE M £ receiver operating characteristics curve; ROC curve

YY/T 1833.1—2022

VoA B BH 44 35 O 8 A8 e L L PP 8 S S A s BB B0 7 A T) B 1500 0 7 1 A 15 30 i —

F YNGRz i £k
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3.4.2.23
B B0 it E R E4FME £ free-response receiver operating characteristics curve; FROC curve
VLR 78 2 o 30 00 R A B L 728 0 67 32 DR A o MR B A A (R R R T R T e i AR
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3.4.2.34
{EMELE  signal-to-noise ratio; SNR
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3.5.1
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3.5.2
T HEAHENISHEF  computer-aided diagnosis
S ) O S T A R AR P E R R R B, TR A S
. PR TPUAT B2 B S e 1R A B MU B R R 2 AT R BT R A B A L B A
PR RE R L R BT TR B S A ]



YY/T 1833.1—2022

3.5.3
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3.5.5
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3.5.8
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3.5.9
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